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Abstract

This case-cohort study investigates the potential impact of maternal cardiometabolic con-

ditions(CMCs), particularly preeclampsia and gestational diabetes, on the risk and age

at which a child may be diagnosed with Autism Spectrum Disorder (ASD). The research

combines polygenic risk scores (PRS) for heart failure and ASD using Generalized Linear

Models (GLM) and Cox models in order to reduce genetic confounding, o↵er individual-

ized risk assessments, and comprehend the interaction between genetic and environmental

components. According to the research, preeclampsia and gestational diabetes may each

function as a separate risk factor, directly influencing the likelihood of ASD and the age

at which it is diagnosed in o↵spring. These findings highlight the potential link between

mother health during pregnancy and the neurodevelopment and behavioral health of the

fetus, highlighting the significance of preeclampsia and gestational diabetes management

and prevention during pregnancy. This work illustrates the potential of genetic risk scores

in improving our understanding of the etiology of ASD and guiding clinical practice. It

adds to the expanding body of information relating maternal health, genetic vulnerability,

and ASD risk.
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